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Evaluation Metrics Empirical Representation of Evaluation Metrics
1. Root Mean Square Error (rms)
§ < 1.25 8 < 1.252 6 < 1.253 rel rms loglo
2. Absolute Relative Error (rel) Unprompted 0.101 0.116 0.135 4.2E+15 416.93 0.859 0.17636
3. Average log,,Error (log10) Prompted 0.179 0.283 0.368 1.3E+16 237 .37 1.285 0.23268
4. Accura cy (8) Wlth Th FEShOId 125 Table: Comparison of error, accuracy, and structural similarity of prompted and unprompted images with the ground truth of the dataset. Prompting outperforms in 5 out of 7 metrics.
5. Structural Similarity Index Measure (ssim)
SSIM Trend Accuracy Trend
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Figure: Method for training a visual prompt for depth estimation in pixel space.
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